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The	Evidence	Gap:
A	Critical	Audit	of	the	SaaS
Product	Engineering	Playbook

Every	SaaS	leader	has	heard	the	same	handful	of	numbers	—	ship
weekly,	hit	“DORA	Elite,”	spend	10%	of	the	roadmap	on	debt,
keep	R&D	at	25%	of	revenue.	Almost	none	of	them	can	say	where
those	numbers	came	from,	who	they	described,	or	whether	they
still	apply.	This	report	traces	them	back	to	the	source.
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A	note	on	this	report’s	method

This	report	audits	how	statistics	travel	through	the	SaaS	engineering	industry	—	and,	in	that	spirit,	discloses	its	own	limits.	Figures	below	were	drawn	from
general	research	knowledge	rather	than	a	live	source	lookup	performed	in	this	session.	Every	statistic	flagged	“needs	verification”	should	be	checked	against
its	primary	source	before	external	publication.	This	is	the	report’s	argument,	applied	to	itself.

Executive	Summary

Ask	five	people	in	SaaS	leadership	what	“good”	engineering	looks	like,	and	you	will	get	five	confident	numbers	back.	Ship	at	least	weekly.
Aim	for	DORA	Elite.	Spend	10%	of	the	roadmap	on	technical	debt.	Keep	R&D	at	roughly	a	quarter	of	revenue.	Scope	the	MVP	around	one
activation	metric,	the	way	the	product-led-growth	playbooks	say	to.	Almost	nobody	in	the	room	can	tell	you	which	company	that	10%	figure
came	from,	what	stage	of	growth	the	R&D	benchmark	was	measured	at,	or	how	many	organisations	DORA’s	“Elite”	tier	actually	contains.

That	is	not	a	criticism	of	any	one	leader’s	diligence.	It	is	a	description	of	how	advice	moves	through	the	SaaS	industry.	A	rigorous,	multi-
year	research	programme	publishes	a	nuanced,	segmented	finding.	A	conference	talk	compresses	it	into	one	memorable	number.	A	blog
post	repeats	the	number	without	the	segment.	A	LinkedIn	post	repeats	the	blog	post	without	the	caveat.	By	the	time	the	number	reaches	a
board	deck,	it	has	become	unfalsifiable	folklore,	detached	from	the	population	it	was	ever	true	of	—	if	it	was	ever	precisely	true	at	all.

The	playbook	is	not	wrong	so	much	as	unlabelled.	It	mixes	hard-won,	well-sampled	research	with	single-firm	anecdotes	and	treats
them	identically,	as	universal	law.

This	 report	 audits	 five	 of	 the	 most	 commonly	 repeated	 planks	 of	 SaaS	 product-engineering	 doctrine	 against	 the	 research	 they	 are
supposedly	based	on,	sorted	by	how	much	evidence	actually	stands	behind	them.	Some	of	it	holds	up	well;	some	traces	to	one	company’s
internal	practice,	generalised	without	anyone	checking	whether	it	applies	elsewhere;	and	at	least	one	piece	of	received	wisdom	now	has
evidence	pointing	the	other	way	once	AI-generated	code	enters	the	pipeline	at	volume.

Figure	1.	The	Playbook,	Sorted	by	Evidence	Strength
Five	commonly	repeated	planks	of	SaaS	engineering	doctrine,	audited	by	how	much	of	their	evidence	actually	generalises	beyond	the	population	it	was	measured	on.

1
Plank	built	on	strong,	multi-year,

regression-tested	research	(DORA	delivery
capability)

1
Plank	with	genuinely	contested,	still-

developing	evidence	(AI-assisted	coding	&
delivery	stability)

2
Planks	traced	to	a	single	firm’s	practice,
generalised	without	a	broader	study	(debt
%,	activation-metric	doctrine	outside	PLG)

1
Plank	that	is	context-dependent	by	design,
not	a	fixed	number	(tenancy	default	&

blast	radius)



What	 follows	 is	 a	 structured	 audit,	 a	 framework	 for	 calibrating	 borrowed	 numbers	 to	 your	 own	 company	 rather	 than	 adopting	 them
wholesale	—	we	call	it	the	Calibration	Model	—	and	a	set	of	recommendations	that	assume	less	certainty	than	the	average	engineering	blog
post,	deliberately.

The	Context

Somewhere	 in	 the	 last	 decade,	 SaaS	 engineering	 acquired	 something	 like	 a	 canon:	 a	 small,	 repeated	 set	 of	 statistics	 that	 function	 as
shorthand	for	“we	run	this	properly.”	Four	sources	do	most	of	the	heavy	 lifting.	The	DORA	research	programme	(DevOps	Research	and
Assessment,	 now	 part	 of	 Google	 Cloud)	 publishes	 an	 annual	 Accelerate	 State	 of	 DevOps	 Report	 built	 on	 a	 genuinely	 large,	multi-year
survey	base.	A	cluster	of	growth-equity	and	venture	research	groups	—	KeyBanc	Capital	Markets’	private	SaaS	survey,	OpenView	Partners’
SaaS	Benchmarks,	Bessemer	Venture	Partners’	State	of	the	Cloud,	and	ICONIQ	Growth’s	scaling	research	—	survey	their	own	portfolios
and	publish	medians	and	quartiles	for	spend,	headcount,	and	growth	efficiency.	Individual	engineering	leaders	publish	their	own	internal
practices	 as	 blog	 posts.	 And	 research	 teams	 at	 large	 tech	 companies	 (Stripe’s	 2018	 “Developer	 Coefficient”	 study	 is	 the	 most	 cited
example)	survey	developers	directly.

Each	of	these	is	legitimate,	useful	research	—	within	its	own	population.	DORA’s	respondents	skew	toward	organisations	already	engaged
enough	 with	 delivery	 practice	 to	 answer	 a	 detailed	 survey	 about	 it.	 The	 benchmark	 firms	 survey	 venture-backed	 companies,
disproportionately	US-based,	 in	 a	 specific	 ARR	band,	 following	 a	 specific	 go-to-market	motion.	 A	 single	 firm’s	 technical-debt	 allocation
describes	one	company’s	negotiated	internal	trade-off,	not	a	constant	discovered	in	nature.

Figure	2.	Citation	Laundering:	How	a	Segmented	Finding	Becomes	Unqualified	Law
The	same	journey,	repeated	across	most	of	the	numbers	audited	in	this	report.

1
Primary	research

segmented,	sampled,	dated
→

2
Conference	talk

one	number	extracted
→

3
Blog	post

caveat	dropped
→

4
Social	post

sample	&	year	dropped
→

5
Board	deck

quoted	as	law

None	 of	 that	 stops	 the	 numbers	 from	 travelling.	 A	 benchmark	 segmented	 by	 company	 stage	 becomes,	 three	 retellings	 later,	 “SaaS
companies	spend	25%	of	revenue	on	R&D,”	full	stop,	applied	to	a	five-person	seed-stage	team	and	a	thousand-person	public	company	alike.
This	 report	calls	 that	drift	citation	 laundering:	 the	gradual	 loss	of	source,	sample,	and	date	as	a	statistic	moves	 toward	a	board-deck
slide,	until	it	arrives	sounding	like	law.

The	Core	Problem

Strip	 away	 the	 specific	 numbers	 and	 the	 core	problem	 is	 an	 evidence	problem,	 not	 a	mindset	 problem:	 leaders	 are	making	 resourcing
decisions	worth	real	money	—	how	many	engineers	to	hire,	how	often	to	deploy,	which	tenancy	model	to	build,	how	much	of	the	roadmap
to	spend	on	debt	—	using	statistics	whose	sample,	stage,	and	vintage	they	cannot	state	if	asked.

Consider	a	composite,	illustrative	pattern	common	enough	across	the	industry	to	be	worth	describing	without	naming	any	single	company.
A	growth-stage	SaaS	business	reads	that	“Elite”	DORA	performers	deploy	on	demand,	multiple	times	a	day,	and	sets	that	as	an	explicit
target	—	 independent	of	whether	 its	customers	actually	want	or	 reward	 that	cadence.	Delivery	 frequency	climbs.	Two	quarters	 later,	a
post-incident	review	finds	that	a	config	change	pushed	to	shared	infrastructure	during	a	routine	deploy	took	down	a	meaningful	slice	of	the
customer	 base	 at	 once,	 because	 tenancy	was	 never	 re-architected	 to	 limit	 how	many	 customers	 a	 single	 bad	 change	 could	 reach.	 The
company	hit	its	throughput	target	and,	in	the	same	stroke,	increased	its	blast	radius	—	the	extent	of	damage	a	single	failure	can	cause	—
without	anyone	deciding	to	make	that	trade.

Figure	3.	An	Illustrative	Pattern:	The	Blast	Radius	Nobody	Priced
A	composite	scenario,	common	enough	across	the	industry	to	be	worth	describing	without	naming	a	single	company.
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Nothing	 in	 that	 scenario	 involved	 bad	 engineers	 or	 a	 lazy	 leadership	 team.	 It	 involved	 a	 real,	 well-evidenced	 statistic	 applied	without
checking	whether	the	underlying	population,	and	the	specific	mix	of	practices	that	produced	it,	matched	this	company’s	situation.	The	cost
of	 that	mismatch	does	not	 show	up	as	a	 line	 item.	 It	 shows	up	eighteen	months	 later	 as	an	 incident,	 a	 churn	 spike,	 or	 an	engineering
budget	that	quietly	drifted	toward	whatever	had	a	number	attached	to	it.

What	Leaders	Often	Get	Wrong



Treating	a	performance	cluster	as	a	target.	DORA’s	tiers	(commonly	described	as	Elite,	High,	Medium,	and	Low	performers)	describe	a
cluster	of	organisations	whose	survey	responses	grouped	together	in	a	given	year’s	data	—	correlated	with,	not	proven	to	cause,	stronger
organisational	outcomes.	Chasing	“Elite”	as	a	badge,	independent	of	whether	your	customers	or	risk	profile	reward	that	cadence,	optimises
for	a	label	rather	than	the	capability	the	label	was	trying	to	describe.

Importing	product-led-growth	doctrine	into	a	sales-led	business.	The	activation-metric	MVP	discipline	was	developed	largely	inside
self-serve,	 product-led	 companies	 with	 fast,	 low-friction	 signup.	 Applied	 unmodified	 to	 an	 enterprise	 business	 with	 a	 six-month
procurement	cycle,	the	doctrine	measures	the	wrong	things:	usage-based	signal	is	far	noisier	with	a	handful	of	large	accounts,	and	the	real
bottleneck	is	often	the	sales	cycle,	not	the	product	loop.

Treating	“ship	faster”	as	costless.	The	received	wisdom	has	long	been	that	smaller,	more	frequent	deployments	reduce	risk.	That	held
for	years	of	data	comparing	manual	release	trains	to	disciplined	continuous	delivery.	It	is	a	materially	different	question	once	a	large	share
of	shipped	code	is	AI-generated	or	AI-assisted,	a	scenario	DORA’s	own	recent	research	has	begun	examining	directly,	with	less	reassuring
results	than	the	throughput	headline	alone	suggests.

Picking	 a	 tenancy	 default	without	 pricing	 the	 blast	 radius.	 Shared,	multi-tenant	 infrastructure	 is	 usually	 presented	 purely	 as	 an
efficiency	win.	That	 framing	quietly	omits	 the	other	side	of	 the	same	coin:	a	single	bad	change	on	shared	 infrastructure	can	now	reach
every	tenant	at	once.

Adopting	someone	else’s	debt-repayment	percentage	as	gospel.	The	widely	repeated	“10%	of	every	cycle”	figure	is	one	firm’s	stated
practice,	not	a	benchmarked	industry	standard.	Treating	it	as	a	target	means	either	overpaying	or	underpaying,	depending	entirely	on	how
much	risk	your	actual	codebase	carries.

Quoting	a	benchmark	survey’s	median	as	“the	number.”	Every	growth-equity	benchmark	report	publishes	a	distribution	by	ARR	band,
growth	rate,	or	motion.	The	moment	that	distribution	gets	compressed	to	a	single	figure,	the	most	useful	information	—	which	segment	you
belong	to	—	is	the	first	thing	lost.

Figure	4.	Six	Mismatches	at	a	Glance
The	recurring	pattern	in	each:	a	real	statistic,	applied	outside	the	population	it	was	measured	on.

Mismatch Why	it	happens

Treating	a	performance	cluster	as	a	target DORA’s	tiers	describe	a	correlated	cluster	in	a	given	year’s	sample	—	not	a	causal	recipe	or	a	badge	to
chase.

Importing	PLG	doctrine	into	a	sales-led
motion

Activation-metric	MVP	scoping	was	built	inside	self-serve	companies;	usage	signal	is	far	noisier	with	dozens
of	enterprise	accounts.

Treating	“ship	faster”	as	costless That	held	for	years	of	human-authored	change.	Less	true	once	AI-assisted	code	enters	the	pipeline	at
volume.

Picking	a	tenancy	default	without	pricing
blast	radius

Efficiency	and	blast	radius	are	the	same	architectural	decision,	viewed	from	two	directions.

Adopting	someone’s	debt-repayment	%	as
gospel

The	widely	quoted	“10%”	figure	is	one	firm’s	stated	practice,	not	a	benchmarked	standard.

Quoting	a	survey	median	as	“the	number” Every	benchmark	report	publishes	a	distribution	by	ARR	band	and	motion	—	the	segment	is	the	useful	part.

The	Evidence	and	Patterns

What	is	genuinely	well-evidenced.	The	DORA	research	programme	 is,	by	 the	standards	of	an	 industry	 that	runs	mostly	on	anecdote,
unusually	 rigorous:	 a	 multi-year,	 large-sample	 survey	 methodology,	 published	 openly,	 with	 regression	 analysis	 linking	 a	 small	 set	 of
delivery	 capabilities	 —	 deployment	 frequency,	 lead	 time	 for	 changes,	 change	 failure	 rate,	 and	 time	 to	 restore	 service	 —	 to	 broader
organisational	performance.	That	is	a	genuinely	strong	evidence	base	for	the	general	claim.	It	is	not,	on	its	own,	evidence	that	any	specific
company	 should	 target	 the	 exact	 cadence	 of	 the	 Elite	 cluster,	 because	 correlation	 in	 an	 aggregate	 sample	 does	 not	 establish	 that	 the
cadence	itself,	rather	than	the	underlying	discipline	it	reflects,	is	what	produces	the	benefit.



Figure	5.	The	Evidence	Audit:	How	Strong	Is	Each	Plank,	Really?
The	five	doctrines	examined	in	this	report,	rated	against	the	strength	and	generality	of	the	research	behind	them.

Doctrine What	it	claims Evidence
rating

The	honest	caveat

DORA	delivery
discipline

Faster,	safer	delivery	correlates	with
organisational	performance

STRONG Correlational,	self-reported;	strong	on	the	general	claim,	not
on	any	one	cadence	target

“Ship	weekly	/
daily”

More	frequent	deploys	are	always	lower-risk MIXED True	for	human-authored	change;	contested	once	AI-assisted
code	volume	rises

Activation-metric
MVP

Scope	around	one	usage	moment;	let	data
drive	the	roadmap

CONTEXT-
DEPENDENT

Strong	inside	PLG;	noisy	and	often	misleading	in	long-cycle
enterprise	sales

10%	debt-
repayment	rule

Spend	a	fixed	share	of	every	cycle	repaying
technical	debt

SINGLE-
SOURCE

Traces	to	one	firm’s	stated	internal	practice,	not	a
benchmarked	standard

Flat	R&D-to-
revenue	target

SaaS	companies	should	spend	~X%	of
revenue	on	R&D

OFTEN	MIS-
QUOTED

Real	benchmark	exists,	but	only	as	a	distribution	segmented
by	ARR	stage

What	the	evidence	on	AI-assisted	coding	actually	shows,	so	far.	The	industry	narrative	has	largely	been	that	AI	coding	assistants	are
an	unambiguous	throughput	win.	DORA’s	own	more	recent	research	complicates	that	picture	considerably.

Figure	9.	AI-Assisted	Coding:	The	Contested	Evidence
The	productivity	story	is	more	contested	than	the	marketing	story.	Precise	percentages	vary	by	report	edition	and	should	be	re-verified	before	use.

Individual-level	signal
Developers	frequently	report	higher	perceived	productivity	and	job	satisfaction
when	using	AI	coding	assistants.

Team-level	signal
Some	of	the	same	recent	DORA	research	reports	measurable	associations
between	rising	AI	adoption	and	reduced	delivery	throughput	and	stability	at	the
team	level.

Source	/	basis:	Directional	finding	from	coverage	of	DORA’s	recent	Accelerate	research	on	AI	adoption;	exact	percentages	should	be	checked	against	the	current	primary	report.

What	the	stage-benchmark	data	actually	shows.	Growth-equity	and	venture	research	firms	consistently	segment	their	SaaS	operating
benchmarks	by	ARR	band,	 growth	 rate,	 and	go-to-market	motion,	 because	 the	numbers	move	a	great	 deal	 across	 those	 segments.	 The
general,	repeatedly	observed	pattern	is	that	R&D	spend	as	a	share	of	revenue	runs	considerably	higher	at	earlier,	lower-revenue	stages,
simply	because	revenue	is	small	relative	to	a	near-fixed	engineering	headcount,	and	compresses	as	companies	scale.

Figure	6.	R&D	Spend	as	a	Share	of	Revenue,	by	Company	Stage	(Illustrative	Pattern)
The	repeatedly	observed	direction	across	growth-equity	benchmark	surveys	—	not	a	specific	year’s	exact	figures.	Verify	current	bands	against	the	primary	report	before
quoting	externally.

Pre-PMF Early	Scale Growth Mature

Source	/	basis:	Directional	pattern	reported	across	KeyBanc,	OpenView,	Bessemer,	and	ICONIQ	SaaS	benchmark	surveys;	exact	bands	vary	by	year	and	should	be	re-checked	before	use.

What	the	PLG-versus-sales-led	divergence	shows.	Benchmark	research	has	repeatedly	separated	product-led	and	sales-led	companies
into	distinct	cohorts	precisely	because	their	operating	metrics	diverge	meaningfully	by	motion.

55%

38%

27%

16%



Figure	7.	Product-Led	vs.	Sales-Led:	Different	Benchmarks,	Different	Playbooks
The	activation-metric	MVP	doctrine	was	built	largely	for	the	left	column.	Applied	to	the	right	column	unmodified,	it	measures	the	wrong	bottleneck.

Signal Product-led	/	self-serve Sales-led	/	enterprise

Primary	bottleneck Product	activation	&	onboarding	friction Procurement	cycle	&	implementation

Usage-data	volume High	—	thousands	of	accounts Low	—	dozens	of	large	accounts,	noisy	signal

Typical	MVP	cycle Weeks Often	a	quarter	or	more,	gated	by	pilot	customers

Best-fit	doctrine Activation-metric	MVP,	weekly	shipping Milestone-gated	delivery,	account-level	success	plans

What	the	incident	record	shows	about	blast	radius.	The	clearest	evidence	that	shared	infrastructure	efficiency	has	a	real,	priceable
cost	comes	not	from	a	survey	but	from	the	public	incident	record.

Figure	8.	Two	Incidents,	One	Architectural	Lesson
A	distribution	mechanism	that	can	reach	your	entire	base	at	once,	by	design,	can	also	break	it	at	once.

Incident Date Mechanism Reported	reach

Atlassian	outage April
2022

Maintenance	script	used	wrong	identifiers	on
shared	infrastructure

≈400	customer	instances	deactivated;	restoration	took	up	to	~2
weeks	for	the	last	customers

CrowdStrike	Falcon
incident

July
2024

Faulty	content	update	pushed	to	endpoint
agents	worldwide

≈8.5	million	Windows	systems	affected	(widely	reported	estimate)

Source	/	basis:	Publicly	and	extensively	reported	incidents;	specific	counts	as	widely	cited	and	should	be	confirmed	against	each	company’s	own	incident	write-up	before	external	citation.

What	the	technical-debt	time-cost	data	actually	shows.	Stripe’s	2018	“Developer	Coefficient”	research	is	the	source	most	commonly
cited	for	the	claim	that	developers	spend	a	large	share	of	their	working	week	—	widely	quoted	figures	put	it	at	roughly	a	third	to	over	40%
—	dealing	with	technical	debt	rather	than	new	work.	That	is	a	real,	credible	survey	finding,	but	it	also	predates	the	current	wave	of	AI-
assisted	coding	tools	and	should	be	re-checked	against	a	current	equivalent	study	before	being	quoted	as	present-day	fact.	The	directional
finding,	 that	 unmanaged	 debt	 consumes	 a	 materially	 large	 share	 of	 engineering	 time,	 is	 corroborated	 broadly	 across	 the	 practitioner
literature	even	where	the	exact	percentage	varies	by	study.

Strategic	Implications

Build	an	internal	benchmarking	discipline	before	adopting	an	external	one.	The	single	highest-leverage	change	most	 leadership
teams	 can	 make	 is	 unglamorous:	 track	 your	 own	 DORA-style	 metrics,	 R&D-to-revenue	 ratio,	 and	 blast-radius	 exposure	 quarter	 over
quarter,	and	treat	trend	against	your	own	baseline	as	the	primary	signal.	External	benchmarks	are	a	sanity	check	on	direction,	not	a	target
to	hit	regardless	of	fit.

Segment	every	borrowed	number	by	stage	and	motion	before	using	 it.	Before	a	benchmark	enters	a	board	deck,	 it	 should	carry
three	pieces	of	provenance:	which	population	it	was	measured	on	(stage,	motion,	region),	which	year,	and	from	which	primary	source.	A
number	that	cannot	answer	those	three	questions	should	not	be	allowed	to	justify	a	resourcing	decision.

Price	 blast	 radius	 as	 explicitly	 as	 you	 price	 throughput.	 Tenancy	 architecture	 is	 a	 leadership	 decision	 with	 a	 real	 risk-appetite
component,	not	a	default	 an	 individual	engineer	 should	 set	unilaterally	 in	year	one.	Leadership	 should	be	able	 to	 state,	 in	plain	 terms,
roughly	how	many	customers	a	single	catastrophic	change	could	reach	today,	and	whether	that	number	is	acceptable.

Decouple	“shipping	fast”	from	“shipping	unmanaged	AI-assisted	code	fast.”	The	evidence	base	that	justified	continuous	delivery’s
safety	 was	 built	 mostly	 on	 human-authored,	 human-reviewed	 changes.	 Extending	 the	 same	 confidence	 to	 a	 pipeline	 now	 carrying	 a
meaningfully	AI-assisted	share	of	code,	without	adjusting	review	and	 test	 rigor	accordingly,	applies	old	evidence	 to	a	new	situation	 the
evidence	has	not	yet	fully	caught	up	with.

Treat	 vendor	 and	 benchmark-firm	 statistics	 as	 hypotheses,	 not	 conclusions.	 This	 does	 not	 mean	 discarding	 them	 —	 DORA’s
methodology,	 in	 particular,	 is	 strong	 enough	 to	 be	 taken	 seriously	 as	 a	 general	 signal.	 It	 means	 holding	 every	 borrowed	 number
provisionally,	pending	a	look	at	your	own	equivalent	data.

Technical	Implications

Instrument	your	own	delivery	metrics	 rather	 than	outsourcing	measurement	 to	a	survey.	Deployment	 frequency,	 lead	 time	 for
changes,	change	failure	rate,	and	time	to	restore	service	are	all	measurable	directly	from	your	own	CI/CD	and	incident	data.	There	is	no



substitute	for	watching	your	own	trend	line	over	several	quarters.

Engineer	 explicit	 blast-radius	 budgets,	 not	 just	 throughput	 targets.	 Define,	 per	 tenancy	 tier,	 the	maximum	 number	 or	 share	 of
customers	a	single	change	is	allowed	to	reach	before	a	canary	or	progressive-rollout	gate	requires	a	manual	go/no-go	—	applying	the	same
discipline	SaaS	teams	already	use	for	code	to	infrastructure	and	configuration	changes,	which	are	frequently	the	mechanism	behind	the
largest	publicly	documented	outages.

Figure	10.	Blast	Radius	vs.	Efficiency:	The	Same	Architectural	Decision,	Two	Directions
Tenancy	choices	sit	somewhere	on	this	map	whether	or	not	leadership	ever	draws	it	explicitly.

Efficiency	gain	→

Gate	AI-assisted	code	with	proportionally	stronger	review	and	test	requirements,	not	fewer.	Given	the	mixed	evidence	outlined
above,	the	sound	engineering	response	to	rising	AI-assisted	code	volume	is	to	increase	automated	test	coverage	and	review	rigor	on	the
paths	most	affected,	at	least	until	the	organisation	has	its	own	two	or	three	quarters	of	stability	data.

Track	R&D-to-revenue	and	headcount	efficiency	segmented	by	your	own	stage,	not	the	market	average,	annotating	major	inflection
points	so	leadership	can	see	the	trend	in	context.

Replace	a	 flat	debt-repayment	percentage	with	a	risk-priced	backlog.	Rank	debt	 items	by	a	composite	of	 the	probability	a	given
piece	causes	an	incident,	the	blast	radius	if	it	does,	and	how	frequently	that	part	of	the	codebase	is	touched,	rather	than	allocating	a	fixed
percentage	regardless	of	where	the	actual	risk	sits.

Re-verify	inherited	benchmarks	on	a	fixed	cadence.	A	number	pulled	into	a	strategy	document	eighteen	months	ago	should	be	treated
as	stale	until	re-checked	against	the	current	edition	of	its	source,	particularly	around	AI	adoption	right	now.

Decision	Framework:	The	Calibration	Model

Rather	than	a	single	set	of	universal	targets,	the	Calibration	Model	asks	leadership	to	place	the	company	on	two	axes	before	adopting	any
borrowed	practice:	company	stage	 (Pre-PMF,	Early	Scale,	Growth,	Mature)	and	go-to-market	motion	 (Product-led	 /	self-serve,	Sales-
assisted	/	hybrid,	Enterprise	/	 long-cycle).	Each	borrowed	statistic	is	then	tested	against	three	questions	before	it	is	allowed	to	govern	a
decision.

Figure	11.	The	Calibration	Model
Place	your	company	on	both	axes	before	adopting	any	borrowed	benchmark	as	a	target.

	 Product-led	/	self-serve Sales-assisted	/	hybrid Enterprise	/	long-cycle

Pre-PMF Activation-metric	MVP	applies	directly Blend:	validate	willingness-to-pay	first Doctrine	mostly	inapplicable	—	validate	the	deal,	not	the
loop

Early
Scale DORA	cadence	targets	broadly	relevant Calibrate	cadence	to	release-notice	needs Milestone-gated	delivery	fits	better	than	weekly	shipping

Growth
R&D%	benchmark	most	comparable

here
Segment	benchmark	by	hybrid	cohort

specifically Benchmark	against	enterprise-motion	peers	only

Mature
Debt-repayment	risk-pricing	matters

most Blast-radius	budget	becomes	the	priority	lever Compliance	&	blast-radius	discipline	dominate

Question	1:	What	population	was	this	number	actually	measured	on?	Name	the	source	report,	its	stated	sample,	and	confirm	it	is
still	the	current	edition.

Question	2:	Does	our	company	genuinely	match	that	population,	on	stage	and	motion,	not	 just	 in	general	SaaS	terms?	A	number
measured	on	venture-backed,	product-led,	US	companies	at	$5–20M	ARR	is	not	automatically	informative	for	a	bootstrapped,	enterprise-

Isolated	tenancy
Lower	efficiency,	lower	blast	radius.	Costly	per	customer;	contained	failures.

Shared,	unbounded
High	efficiency,	high	blast	radius.	Cheapest	to	run;	one	change	can	reach
everyone.

Over-isolated	/	stalled
Low	on	both.	Rare	in	practice	—	usually	a	sign	of	unnecessary	complexity.

Shared	+	blast-radius	budget
High	efficiency,	bounded	blast	radius	via	staged	rollout	gates.	The	target	quadrant.



sales,	EMEA-based	company	at	$80M	ARR,	even	though	both	are	“SaaS.”

Question	 3:	 Have	 we	 pulled	 our	 own	 equivalent	 number,	 and	 does	 it	move	 the	 same	 direction?	 Before	 formally	 adopting	 an
external	benchmark	as	an	internal	target,	track	your	own	version	of	the	same	metric	for	at	least	two	quarters.	If	your	trend	already	points
the	right	way,	the	external	number	is	confirmation,	not	the	reason	to	act.

Risks	and	Failure	Modes

Cargo-culting	a	benchmark	from	a	different	stage	or	motion.	The	single	most	common	failure	mode	in	this	report’s	own	experience
across	engagements:	adopting	a	target	measured	on	a	company	at	a	different	point	in	its	life,	and	then	attributing	the	resulting	friction	to
execution	rather	than	to	the	mismatch	itself.

Turning	 a	 measurement	 into	 a	 target	 (Goodhart’s	 dynamic).	 Once	 “hit	 DORA	 Elite”	 becomes	 the	 explicit	 KPI	 rather	 than	 the
underlying	delivery	discipline	it	was	meant	to	describe,	teams	can	and	do	find	ways	to	improve	the	measured	numbers	without	improving
the	outcome	the	measurement	was	ever	a	proxy	for.

Under-pricing	blast	radius	until	an	incident	prices	it	for	you.	Organisations	that	treat	tenancy	purely	as	a	cost-efficiency	decision
tend	to	discover	the	risk	side	of	that	decision	during	an	incident,	at	which	point	the	cost	includes	reputational	and	contractual	damage	a
deliberate,	priced-in	decision	would	have	avoided	or	at	least	bounded.

Debt-repayment	 theatre.	 Spending	 the	 allocated	 percentage	 of	 the	 roadmap	 on	 the	 easiest,	most	 visible	 debt	 items	 rather	 than	 the
highest-risk	ones	satisfies	the	target	without	reducing	the	actual	risk	the	practice	was	meant	to	address.

AI-assisted	throughput	gains	masking	a	stability	decline	that	surfaces	later.	Given	the	mixed	and	still-developing	evidence	on	AI-
assisted	 coding’s	 effect	 on	 delivery	 stability,	 a	 team	 that	 only	 tracks	 throughput	 risks	 celebrating	 a	 productivity	win	 the	 same	quarter
stability	metrics,	tracked	less	closely,	begin	to	quietly	deteriorate.

Survivorship	 bias	 in	 the	 public	 case-study	 record.	 The	 companies	 that	 talk	 publicly	 about	 a	 bold	 architecture	 or	 velocity	 bet	 are
disproportionately	the	ones	for	whom	it	worked;	the	base	rate	of	that	same	bet	failing	quietly,	at	a	company	that	never	wrote	a	blog	post
about	it,	is	systematically	undercounted.

Figure	12.	Risk	Register	at	a	Glance
The	recurring	ways	this	report	has	seen	the	evidence	gap	turn	into	an	actual	incident,	budget	miss,	or	wasted	rebuild.

Risk How	it	shows	up

Cargo-culting	a	benchmark	from	a	different
stage/motion

Friction	is	attributed	to	execution,	not	to	the	underlying	population	mismatch

Turning	a	measurement	into	a	target	(Goodhart’s
dynamic)

Teams	optimise	the	metric	—	smaller,	more	frequent,	lower-value	deploys	—	without	improving	the
outcome	it	proxied

Under-pricing	blast	radius	until	an	incident	prices
it	for	you

Reputational	and	contractual	damage	that	a	deliberate	decision	would	have	bounded

Debt-repayment	theatre The	allocated	%	is	spent	on	the	easiest	items,	not	the	highest-risk	ones

AI	throughput	gains	masking	a	later	stability
decline

A	productivity	win	gets	celebrated	the	same	quarter	stability	quietly	deteriorates

Survivorship	bias	in	the	public	case-study	record Only	the	bets	that	worked	get	written	up;	the	base	rate	of	failure	is	undercounted

Recommendations

Figure	13.	The	Six	Recommendations	at	a	Glance
Each	addresses	one	of	the	mismatches	and	risks	documented	above.

1
Instrument	your	own	DORA-style	and	blast-radius
metrics	before	adopting	anyone’s	external	target.

2
Segment	every	borrowed	statistic	by	stage	and	motion
before	it	enters	a	strategy	document.

3
Replace	the	flat	technical-debt	percentage	with	a	risk-
priced	backlog.

4

Set	an	explicit,	leadership-approved	blast-radius
ceiling	per	tenancy	tier.

5

Gate	AI-assisted	code	with	strengthened,	not	relaxed,
review	and	test	requirements.

6

Build	a	two-person	“evidence	review”	habit	for	any
external	number	entering	a	board	deck.



1.	Instrument	your	own	DORA-style	and	blast-radius	metrics	before	adopting	anyone’s	external	target.	Two	full	quarters	of	your
own	trend	line	is	worth	more	than	any	single	external	benchmark	for	deciding	what	“good”	means	for	your	specific	business.

2.	Segment	every	borrowed	statistic	by	stage	and	motion	before	it	enters	a	strategy	document.	Require	a	named	source,	sample,
and	year	for	any	external	number	used	to	justify	a	resourcing	or	architecture	decision;	treat	unsourced	round	numbers	as	inadmissible.

3.	Replace	the	flat	technical-debt	percentage	with	a	risk-priced	backlog.	Rank	debt	items	by	probability	of	 incident,	blast	radius,
and	touch	frequency,	and	resource	repayment	against	that	ranking	rather	than	a	fixed	calendar	allocation.

4.	Set	an	explicit,	leadership-approved	blast-radius	ceiling	per	tenancy	tier.	State,	in	a	document	leadership	actually	signs	off	on,
the	maximum	acceptable	share	of	customers	a	single	change	is	allowed	to	reach	before	requiring	a	staged	rollout	gate.

5.	Gate	AI-assisted	code	with	strengthened,	not	relaxed,	review	and	test	requirements,	and	hold	off	crediting	any	throughput	gain
until	at	least	two	quarters	of	your	own	stability	data	confirm	it	is	a	net	win	for	your	codebase	specifically.

6.	Build	a	two-person	“evidence	review”	habit	for	any	external	number	entering	a	board	deck.	One	person	traces	it	to	its	primary
source,	confirms	the	sample	and	date,	and	flags	anything	that	cannot	be	verified	within	a	reasonable	amount	of	time	as	illustrative	rather
than	authoritative.

How	SDTC	Digital	Thinks	About	This

We	build	product-engineering	strategy	for	a	living,	and	one	of	the	more	uncomfortable	things	we	have	learned	doing	that	work	is	how	often
a	client’s	engineering	roadmap	has	been	quietly	shaped	by	a	statistic	nobody	in	the	room	could	trace	—	a	number	that	arrived	by	way	of	a
conference	talk,	a	competitor’s	blog	post,	or	a	well-designed	slide,	and	simply	never	got	questioned	once	it	felt	authoritative	enough.

Our	position	is	not	that	benchmarks	are	useless.	DORA’s	research,	in	particular,	represents	a	genuinely	rare	thing	in	this	industry:	a	large,
longitudinal,	methodologically	serious	attempt	to	connect	engineering	practice	to	business	outcomes,	and	we	take	it	seriously	as	a	result.
Our	 position	 is	 that	 a	 benchmark’s	 value	 depends	 entirely	 on	 knowing	 what	 population	 it	 describes,	 and	 that	 most	 of	 the	 numbers
circulating	 in	 SaaS	 engineering	 discourse	 have	 long	 since	 been	 separated	 from	 that	 context.	When	 we	 work	 with	 a	 team	 on	 delivery
practice,	 tenancy	 strategy,	 or	 technical-debt	management,	 the	 first	 deliverable	 is	 almost	 never	 a	 target	 borrowed	 from	 someone	 else’s
report.	It	is	an	honest	baseline	of	the	client’s	own	numbers,	built	before	any	external	comparison	is	allowed	into	the	room.

That	is	a	slower,	less	satisfying	way	to	start	than	handing	over	a	target	and	a	deadline.	It	is	also,	in	our	experience,	the	only	way	a	target
ends	up	being	the	right	one	for	the	company	that	has	to	live	with	it.

Conclusion

The	SaaS	product-engineering	playbook	did	not	go	wrong	by	being	false.	Most	of	it	—	DORA’s	delivery-capability	research	chief	among	it	—
is	built	 on	 real,	 careful,	multi-year	work.	 It	went	wrong	 the	way	most	 received	wisdom	does:	by	 travelling	 faster	 than	 its	 own	caveats,
shedding	sample	size,	stage,	motion,	and	date	with	every	retelling,	until	a	segmented	finding	about	one	population	became	an	unqualified
law	applied	to	all	of	them.

The	 fix	 is	 not	 cynicism	 about	 benchmarks,	 and	 it	 is	 not	 the	 opposite	 instinct,	 chasing	 every	 new	 number	 that	 circulates	 at	 the	 next
conference.	 It	 is	 the	habit	 this	 report	 has	 tried	 to	model	 throughout:	 ask	what	 population	 a	 number	describes,	 check	whether	 you	 are
actually	in	it,	and	pull	your	own	equivalent	figure	before	letting	someone	else’s	govern	a	decision	that	is,	in	the	end,	yours	to	make	and
yours	to	live	with.

The	evidence	base	behind	how	SaaS	products	get	built	is	itself	a	living,	incomplete,	actively	contested	body	of	work	—	and	treating	it	that
way,	rather	than	as	settled	law,	is	the	more	honest	engineering	discipline.

Sources	Referenced	in	This	Report

DORA	(DevOps	Research	and	Assessment)	/	Google	Cloud’s	Accelerate	State	of	DevOps	Report,	including	its	more	recent	research	on	AI	adoption’s	relationship	to
delivery	throughput	and	stability;	KeyBanc	Capital	Markets’	private	SaaS	company	survey;	OpenView	Partners’	SaaS	Benchmarks	report,	including	its	product-led
versus	sales-led	segmentation;	Bessemer	Venture	Partners’	State	of	the	Cloud	research	and	the	“Rule	of	40”	framework;	ICONIQ	Growth’s	SaaS	scaling	and	R&D-
efficiency	 research;	 Stripe’s	 2018	 “The	 Developer	 Coefficient”	 study	 on	 the	 time	 and	 economic	 cost	 of	 technical	 debt;	 Ward	 Cunningham’s	 original	 1992
formulation	 of	 “technical	 debt”;	 the	 AWS	Well-Architected	 SaaS	 Lens	 and	 published	 guidance	 on	multi-tenant	 isolation	 trade-offs;	 and	 the	 publicly	 reported
incident	records	for	Atlassian’s	April	2022	outage	and	the	CrowdStrike	Falcon	sensor	incident	of	July	2024.

Flagged	for	verification	before	publication
The	exact	percentages	attached	to	DORA’s	AI-adoption	throughput/stability	findings;	the	precise,	current-year	R&D-to-revenue	and	headcount	benchmark
bands	by	ARR	stage	from	KeyBanc,	OpenView,	Bessemer,	and	ICONIQ;	Stripe’s	specific	developer-hours	and	economic-cost	figures	from	the	2018	Developer
Coefficient	study;	and	the	exact	customer	and	device	counts	reported	for	the	Atlassian	(2022)	and	CrowdStrike	(2024)	incidents.	This	report	was	compiled
from	general	research	knowledge	without	a	live	source	lookup	in	this	session	—	every	statistic	above	should	be	checked	against	its	primary	source	before
this	report	is	published	externally.


